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1 Introduction

Each month, more than 4 million college students logon to RateMyProfessors.com (RMP) to
research various universities and each institution’s individual professors. The controversial
website provides college students with reviews of more than 8,000 colleges and universities and
their combined more than 1.7 million professors throughout the United States, Canada, and the
United Kingdom [1]. On the site, students can rate academic professionals and universities based
on a variety of subjective categories and post user-generated comments about their overall
experience in courses they have taken.

RMP encourages users, who self-select onto the site, to rate professors on a scale of one to five
based on the instructor’s “helpfulness,” “clarity,” and “easiness.” The site further allows users to
interpret the attractiveness of their professor by indicating on a binary scale the “hotness” of the
instructor. These data are then displayed on each professor’s corresponding university’s RMP
webpage and are available for users of the site to view free of charge.

RMP’s staff moderates user comments for indecency and provides limited controls, such as
requiring users of the site to establish an account with a unique username and password in order
to submit rating data to discourage irresponsible posting. However, it is hard to distinguish with
any measure of reliability if students who post ratings on the site represent a valid sample of
classroom attendees or simply reflect the upper and lower bounds of student satisfaction with
classes. In other words, the majority of ratings may only reflect the attitudes of students who
praise and adore their professors on one end of the spectrum and students who bear grudges
against them on the opposite end. Regardless of the reliability of the techniques employed by
RMP, the site’s analytics of more than 4 million page views per month provides some evidence
that at least some students view the data published by RMP and may consider it when selecting
courses. This rate of usage raises two important questions of research: Do students significantly
utilize RMP as a measure of preference when selecting courses, and, if so, what steps can
universities take to ensure more reliable information concerning teacher performance is available
to students?

2 Literature Review

Research on the relationship between RMP’s influence on student preferences for certain
professors and the methodology a student employs when selecting college courses is limited in
its scope and generally relates to correlation studies between ratings on RMP and end-of-
semester student evaluations of teaching (SET). Many universities have a long tradition of
utilizing SET data to construct methods to improve classroom instruction and make decisions
regarding faculty promotions and tenure considerations [2]. Coladarci and Kornfield summarize
literature which provides evidence of the validity of SET data in most institutions and model the
relationship between SET data and ratings posted on RMP [3]. The authors’ model finds
positive, but somewhat weak correlations between a professor’s “overall” and “easiness” values
on RMP and comparable responses to questions on SET surveys. Their research concludes two
policy implications: (1) Institutions should encourage more students to engage in responsible
posting on RMP; (2) Universities should consider making SET data public as it would make
better quality information available to students. Although publicizing SET data is largely a
contentious subject among academic professionals, as some faculty members may object to such
a policy out of privacy concerns, Coladarci and Kornfield argue:
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“[P]rivacy is a thing of the past in the age of RMP, MySpace, and the like.

Moreover, by not making SET data available to students, the negative

consequence is greater still: Students will rely on what is publically available. In

light of our results, this inevitably will mischaracterize the true standing of many

instructors as measured by formal student evaluations of teaching.”
Additional research demonstrates strong positive correlations between a professor’s overall
quality score on RMP and their individual “easiness” and “hotness” indexes and casts doubt on
the reliability of RMP’s “overall” rating as an accurate measure of faculty effectiveness [4]. A
separate study shows that professors perceived as attractive not only generate higher overall
scores on RMP but also receive higher SET evaluations [5].
A recent study from the University of Wisconsin Oshkosh found limited evidence that students
utilize RMP data when selecting sections [6]. Burnett utilized the campus’ Fall 2012 enrollment
data and finds evidence to support that RMP’s “easiness” score and time of day a class is held
helps explain enrollment patterns, while RMP’s “overall,” “clarity,” and “hot” ratings have little
effect. However, her study presents a model that fails to account for many other considerations
students may have when selecting courses.

3 Methodology

If students indeed select sections based on preferences for professors garnered from RMP, then
it is important to distinguish if a professors “helpfulness” and “clarity” ratings influence their
decisions to a greater magnitude than factors such as “easiness” and “hotness” If the former is
the case, then there exists little cause for alarm. However, if the latter holds true, then the
implications could be negative: the university will produce graduates who potentially sacrifice
quality educations in favor of the path of least resistance.

Many factors potentially dictate student enrollment patterns. Our model’s null hypothesis
assumes that the supply of available seats will match the demand for seats given that

Table 1: Independent Variable Categories

Space Constraints (X)
Core type

Time of day

Clairvoyance (Y)
Departments

Quality (Z2)
Helpfulness
Clarity
Easy
Hot

Urgency (U)
Total Cap

Specific classes in varying categories all students are required to
take such as English Composition or U.S. History. Any class that
fulfills “Core A” through “Core E” is flagged as such with a dummy
variable.

The hour in which the course begins (8 a.m. to 7 p.m.) recorded as a
series of binary terms.

A dummy variable term that captures the specific department
responsible for scheduling the observed section.

Each course instructor’s respective RMP “helpfulness” rating
Each course instructor’s respective RMP “clarity” rating
Each course instructor’s respective RMP “easiness” rating.
Whether or not RMP rated the course’s instructor as “hot.”

The total amount of seats available for multiple sections of the same
course.
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administrative expectations of the demand for seating capacity perfectly predict the future,
homogeneity of professors, and no unavoidable constraints such as faculty availability,
lumpiness’ in course section sizes, availability of suitable classrooms during peak hours etc. In
other words, observing that a section fills quickly does not by itself imply that a professor or
course is popular. It could mean that the demand for the course was under-estimated or that some
constraint on time, space, or faculty availability was binding.

We test this initial assumption by employing two different statistical techniques on a cross-
sectional dataset comprised of Armstrong State University’s (ASU) Fall 2012 course offerings,
following the close of the university’s mandatory advisement period. First, employing ordinary
least squares (OLS), we estimate the behavior of enrollment patterns as follows:

Ei=a+ X+ AY + 6Z+ YU + ¢
where E; represents the ratio of students enrolled in an individual course to the university-
imposed capacity of students allowed in the course (the percent of capacity filled). The
subsequent vectors on the right hand side of the equation control for university space constraints,
faculty constraints and clairvoyance failures of department heads, individual perceived quality of
a particular course’s professor, and transaction costs incurred by individual students during the
registration period. Each vector gives way to a variety of individual independent variables
intended to control for known departures from the initial assumption that classes will fill
identically under conditions of perfect information, homogeneous professors, non-lumpy inputs,
and no space constraints. We define these variables in Table 1.
One potential flaw in our OLS approach is that each course observed contains a maximum
student capacity that might be exceeded if such capacity restrictions were not imposed and, thus,
poses downward-bias pressure on the entirety of the model. For example, an economics section
that reaches its capacity will force students initially interested in taking it to substitute an
alternate course in its place. The student may select the substituted course based /ess on our
model’s variables of interest and more so on more limited choices that are less in alignment with
the student’s actual preferences. However, this bias should be minimized because of the date (see
data collection methods’ section) of the cross section.
Consequently, to provide better evidence for the effects of our variables of interest, we also
employ a Cox proportional hazards survival model using the same independent variables as our
OLS approach [7]. Unlike OLS which observes a snapshot of data, a hazard model allows us to
explicitly control for time by using the number of days each section spent below 100 percent of
capacity as the dependent variable, while censoring those observations that never reach their
capacity within the observation period. Hazard models allow our results to automatically
minimize biases that can occur when observing long registration periods during which each
section can be considered constantly at risk of filling completely. Static models inherently fail to
control for such risk [8].

3.1 Space Constraints

Space constraints are perhaps the greatest obstacle university department heads face when
scheduling each semester’s course load. ASU breaks its core curricula into five specific
categories—A through E—in order to prescribe courses required for all students enrolled at the
university. Such courses include subjects in the languages, mathematics, social and natural

> By lumpiness we mean that an additional section will not be created for a small number of students. If every class
has a capacity of forty students and forty-two wish to take the course, supply cannot exactly meet demand
because sections come in “lumps.”
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sciences, and ethics disciplines. Certain core classes, such as college algebra and freshman
English composition are anticipated as more popular among incoming freshmen than upper-
classmen. Also many students tend to devote a large part of their freshman and sophomore years
completing state mandated graduation requirements.

Another consideration is that incoming freshmen tend to register later in the enrollment window
than current students, and since a new student’s acceptance to the university is sporadic, we
expect their enrollment behaviors to occur in less predictable waves and often closer to the start
of the semester; our hazard model should serve as a better indicator of such behavior. An
additional physical constraint stems from courses in science disciplines. These sections often
require lab space that is more limited than larger lecture halls and scheduling is limited by the
availability of these rooms. While one would typically expect the available space for labs to
eventually converge on the demand for that type of space, the constraint on the number of
science labs was common knowledge at the time of the data collection. To further account for
limited space, we also control for the hour of the day during which each observed section is
taught. Since all students have heterogeneous preferences—some students may prefer sections
that start early so they can work in the afternoon, while others might like to sleep in and take
afternoon classes—we offer no speculation of the effect of the time of day on enrollment.

3.2 Clairvoyance

Our department variables act as controls for the university department responsible for scheduling
each individual section. Varying experience and luck of department heads at guessing the
quantity of seats demanded in each course when laying out the schedule, as well as departmental
staffing issues, may both have a tendency to deviate the model’s results from our underlying
assumption that with perfect information, (among other things) classes would fill equally.

3.3 Urgency

We include the total cap variable in the urgency vector as a transaction-cost control for how
prudent a student might find it to enroll in a course early in the registration period. For example,
if a specific course has more than one section—each with varying capacities—then a student
may find it unnecessary to register early. Therefore, we anticipate a section with higher total caps
to reflect lower enrollment rates.

3.4 Quality

The RMP reported measures of professor helpfulness, clarity, easiness and attractiveness may
influence students to substitute between sections or courses in order to find a higher quality
professor, gain an easy ‘A,’ or draw some measure of utility from a physically attractive
professor. Core classes and upper level inter-major electives are common examples of course
types that may be strongly affected by varying perceptions of professor quality. This measure
may have significantly varied impacts between courses in the core and courses that are more
geared toward specific majors for two reasons: The first being courses in the core have much
more flexibility in choice of professor than do major-related courses; secondly, major-related
courses might tend to suffer from an inherent bias, being as they are generally more difficult than
core classes, despite ratings produced by RMP.

To account for such varying effects between course types, we categorize our observations into
separate model specifications to gauge quality ratings on specific course types. The first utilizes
all course observations in the dataset. In an effort to isolate quality effects on heterogeneous
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course types, the second and third models subdivide observations into core and non-core
observations respectfully, and eliminates observations in which any degree track explicitly
required the course and no substitutable section was offered—that is, courses in which any
particular student had no choice in professor and simply required the student to enroll in the
section out of necessity.

We expect all of our quality variables to have an observable positive effect on course enrollment.
Although we expect “helpfulness,” “clarity,” and ‘“easiness” to influence course choice, we
expect the latter to have a greater impact on courses characterized as part of ASU’s core
curriculum. We offer no alternative hypothesis on the effect of “hotness.”

4 Data Collection Methods

Our course-specific data are collected from Armstrong State University’s (ASU) student
registration portal. Data used in the OLS model represents ASU’s total enrollment as of April 22,
2013—the Monday following the end of the university’s mandatory advisement period. We
specifically observe this date for two reasons: (1) all current students at the university had at least
one weekend to register, and (2) doing so will allow for the observation of quality variable
effects, while minimizing biases caused by students selecting sections based on limited choice.
Data for our hazard model differs from our OLS data in that the number of days for the course to
fill completely is tracked as well as whether the course ever filled to its capacity.

ASU is a relatively small public university located in Savannah, GA consisting of approximately
7500 students with a focus on undergraduate level Liberal Arts, Science, and Medical training.
91 percent of the university’s students are undergraduates, 65 percent of whom are enrolled full-
time. Females make up 66 percent of the university population and 87 percent of students are
Georgia residents. The average enrollee’s age was 24.3 years at the time of this study[10].
ASU’s total enrollment data includes roughly 1800 sections. These data were carefully scrubbed
in order to remove observations with disparate registration motivations that would distort the
patterns present for the rest of the university. Courses other than those falling under the colleges
of Science and Technology or Liberal Arts were omitted due to the highly structured and career
specific natures of degrees such as Nursing where graduation paths are methodologically
formulated, leaving students with little flexibility in course choice. Graduate-level courses are
omitted from the dataset as well as courses designed as internships, seminars, research studies,
freshman orientations, and sections that have maximum caps of ten students or less, as these
courses are small in number and are generally filled by students who are specially selected by
their professors. Also, classes held at the university’s satellite “Liberty Center” campus are
removed because of the remote campus’ limited choice in curriculum and differing
substitutability of professors. Online courses are also removed from the dataset due to absence of
values for the time of day variables. Sections with professors who have no RMP rating are
removed as well. After these constraints were imposed, 493 total observations remained. These
data are described in Table 2. Unlike Burnett, our data set does not immediately eliminate
courses with only one section in order to avoid biases created from a lack of choice. Keeping
those sections allows us to capture substitution effects between courses. Sections which are
likely to fill due to a lack of student choice are otherwise controlled for by flagging courses in
which insufficient choice exists. Sections considered to lack choice were those which are
required for all students such as English Composition or courses in which only one section exists
that are explicitly required by any major-track.
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Table 2: Descriptive Statistics Data for the “helpfulness,” “clarity,”

Variable Obs Mean Std.Dev. Min Max c€asiness,” and “hotness” variables
Helpfulness 483  3.95 078 1 5 are transposed from RMP’s ASU
Clarity 483  3.85 075 14 5 W‘:.bpa.gehlll]f' Each tp“’f‘?ss".r’s

rating in the four categories is
Overall 483 3.88 0.76 123 com§iled and attache§ to the
Easty jgg (3) gz 81; (1) i appropriate observed section.

0 : :

Consequently, a professor who
instructs four courses will subsequently have his or her rating reported in four separate
observations. RMP describes its rating system as follows®:

Helpfulness - Is this professor approachable, nice and easy to communicate with?

How accessible is the professor and is he/she available during office hours or after

class for additional help? 5 = Helpful 1 = Useless

Clarity - How well does the professor teach the course material? Were you able

to understand the class topics based on the professor's teaching methods and

communication style? 5 = Crystal Clear 1 = Confusing

Easiness - Some students may factor in the easiness or difficulty of the professor

or course material when selecting a class to take. Is this class an easy A? How

much work needs to be done in order to get a good grade? Easiness is rated on a 5

point scale, with 1 being the hardest and 5 being the easiest. Please note this

category is NOT included in the Overall Quality rating.

Hotness - Is your professor hot? Hot professors get a red chili pepper. The

Hotness rating is NOT included when calculating the Overall Quality rating.
The values employed by the model for the “helpfulness,” “clarity,” and “easiness” variables
utilize the same four-point (1-4) scale derived by RMP. The model operationalizes “hotness” as a
binary term with one being “hot,” zero otherwise. “Overall” is an RMP-reported average of
“Helpfulness” and “Clarity” scores. Although ratings reported to RMP are similar to Likert-scale
responses, RMP itself averages the ratings together and reports them as a continuous number.
While we acknowledge that quantifying Likert scales is problematic, the conversion to a
continuous score is performed by RMP. Regardless of the potential issue in RMP’s method, site
users nonetheless observe a continuous number when formulating their perceptions of professor
quality. Therefore, treating these scores as continuous data should pose no concern in the context
of our models.
ASU breaks core classes into five categories—A, B, C, D, and E—which represent various areas
of required disciplines all of the university’s students must complete. Some courses are listed by
the university as satisfying multiple core areas. Such courses are coded by the primary core area
it represents. All core courses are coded with a value of one for the core discipline it reflects,
including non-core, and receive a zero otherwise.
The time of day category is recorded as a series of dummy variables, where a one indicates the
hour of the day when the course begins. The range of start times is between 8 a.m. and 7 p.m.,
with 12 p.m. being the omitted relative term. The department under which each section falls was
also recorded as a list of binary terms, with English serving as the reference term.

6 . . . . .
RMP also reports an overall quality score. Given that a professor’s “overall quality” is the average of his or her
“helpfulness” and “clarity” indexes, we omit “overall quality” as a control in favor of the former two indices.
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5 Results
Table 3: Professor Quality Metrics (OLS Model)
Dependent: Percentage of capacity filled
Specification: All Core with choice Non-Core with choice
Model # (1a) (1b) (2a) (2b) (3a) (3b)
Overall - 0.041 - 0.086 - 0.024
- (1.78)* - (2.20)** - 0.43)
Clarity -0.019 - 0.004 - 0.001 ---
(-0.47) - (0.05) - (0.01) ---
Helpfulness | 0.039 - 0.066 - 0.017 ---
(0.93) - (0.96) - (0.18) ---
Easiness 0.082 0.074 0.108 0.103 0.050 0.046
(3.86)*** (3.59)#*:* (2.94)*%* (2.88)***  (1.40) (1.27)
Hot 0.061 0.050 0.050 0.039 0.060 0.056
(1.91)* (1.54) (0.89) (0.68) (1.08) (0.99)
R’ 0.39 0.39 0.43 0.43 0.36 0.36

wEE KX K pepresent significance at the 1, 5, and 10% level respectively.
Coefficients shown with t-statistics reported in parentheses. All models use robust errors.

A complete list of results for both the OLS and survival model can be found in the Appendix.
Tables 3 and 4 present truncated versions of the full results.

Using an OLS multivariate regression yields estimates of the average marginal impact of each
professor quality metric on the percentage of university-imposed seating capacity filled. Three
data sets are examined with two model specifications for each and are regressed to observe
varying course types. Model 1 utilizes all observations in the dataset. Model 2 limits the

Table 4: Professor Quality Metrics (Cox proportional hazards model)
Dependent: Number of days until 100% of capacity

Specification: All Core with choice Non-Core with choice
Model # (1a) (1b) (2a) (2b) (3a) (3b)
Overall --- 1.26 --- 1.88 --- 1.03

--- (1.51) --- (2.37)** --- (0.09)
Clarity 1.06 --- 0.57 --- 1.49 ---

(0.20) --- (-1.09) --- (0.63) ---
Helpfulness | 1.09 --- 2.93 - 0.75 ---

(0.32) --- (2.06)** --- (0.65) ---
Easiness 1.32 1.26 1.89 1.84 1.26 1.31

(2.12)** (1.74)* (1.80)** (2.63)***  (0.37) (1.01)
Hot 1.47 1.41 1.70 1.64 2.19 2.29

(2.32)** (2.03)** (1.65)* (1.56) (2.54)** (2.66)%**

wEE KKK prepresent significance at the 1, 5, and 10% level respectively.

Hazard ratios shown with z-statistics reported in parentheses.
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observation set to only courses offered as part of ASU’s core curriculum in which a student has
flexibility in choice. Model 3 examines only those courses that cannot be used to fulfill core
requirements in which classes are either not required for any degree-track or classes that are
required, but have at least two course sections available taught by different professors.
Additionally each model is subdivided into two additional specifications, where “clarity” and
“helpfulness” indices are replaced in favor of RMP’s “overall” score.

Our OLS Y ults app °4 M MTable 5: Correlation

Table 3. This analysis -

reveals “Easiness” to be . Clarity Helpful Easy Hot Overall
significant at conventional Clarity 1

levels in all specifications | HelPful 029 1

except for model 3. This Easiness 0.52 0.26 1

result implies, as expected, | Hot 0.35 0.19 0.16 1

that students will select Overall 0.93 0.32 0.57 0.40 1

core classes based on the perceived easiness of the professor much more readily than their non-
core, major-related classes. “Clarity,” “Helpfulness,” and “Hot” fail to achieve significance at the
five-percent level in any of our specifications. At first glance it seems as though students are
more interested in identifying easy professors in core areas than quality faculty members.
However, considering that RMP reports the average of a professor’s “helpfulness” and clarity”
scores as an “overall” rating as well, and that rating being the most visible index of performance
displayed on the site, breaking the “Overall” RMP rating down into its component parts may
actually bias our results.

Table 4 displays the results of our survival model. Each specification is identical to our OLS
approach. Greater significance is found in “Helpfulness” for core classes than was found using
OLS. In fact, a one point increase in “Helpfulness” was found to increase the hazard rate by 193
percent in core classes where students had options. “Clarity” remains insignificant, though its t-
score being greater than one and its hazard ratio being well below one lead us to believe that
“Overall” is the best measure of an RMP user’s expectations about the professor. Replacing
“Clarity” and “Helpfulness” with “Overall” yields a more believable 88 percent increase in
hazard from a one point increase in “Overall.”

“Easiness” maintains its positive effect and significance within models 1 and 2. Similar to the
OLS model, “Easiness” loses its effect among non-core (major-related) classes, as reflected in
model 3. This result makes intuitive sense for two reasons: First, students have personal
experience with professors in their own major, so they are less likely to utilize outside
information in those choices. Secondly, students may fear that easiness comes at the expense of
quality — a tradeoff it is less rational to make for major-related classes.

As hypothesized, “Hot” is also found to increase the likelihood that a section fills to capacity.
“Hot” gains significance at the 10 percent level or better in all specifications less model 2b. Such
results lead us to reject our null hypothesis that RMP has no effect on course choice for students
enrolled at Armstrong State University.

It may occur that professor hotness and large capacity intro level courses are both caused by
some lurking variable such as professor age. To ensure that this sort of bias was not present, we
examined the correlations between individual course capacities and all RMP variables. No
correlation was found to be over 0.1. Furthermore, the distribution of course capacities was split
on high and low values of “Overall,” “Easiness,” and “Hot.” The average capacities of sections
with high RMP ratings were then t-tested versus the average capacities of sections with low



The Effects of RateMyProfessors.com on University Course Registration 9

RMP ratings to search for evidence of a difference in means. Any value greater than three
constitutes “High Rated” for “Overall” and “Easiness.” “Low Rated” is any observation with a
rating less than three. A high rating for “Hot” is simply all professors rated as hot while a low
rating consists of all professors not rated as such. The results of these tests appear in Table 6.
The only mean that is statistically different among high and low RMP rated sub-samples is that
of “Easiness.” In other words, on average, professors with low ratings in this sample teach
courses with larger registration capacities. However, this will only matter if the registration
capacity of the class affects how fast its percentage of capacity filled increases. We expect that if
this effect exists, it will be minimized by the relatively homogeneous course capacities at ASU.

Courses making it

Table 6: Two Sample T-tests on Seating Capacity Levels through our
High Rated Capacities Low Rated Capacities stipulations for entry
Mean StdDev n| Mean StdDev n| p-value into the dataset range
Overall 30.47 13.04 400 | 29.51 7.74 69 0.40 between 12 and 100
Easiness 29.33 11.82 287 | 32.11 13.61 159 0.03 seats with a mean of
Hot 29.25 13.27 157 | 30.81 11.91 326 021 30-30and a standard

deviation of 12.37. It
should be reiterated that no courses were removed from our sample for being too large. ASU is
simply a small university, and therefore has much smaller variation in its course capacities than
large state schools. To further rule out that courses with larger capacities were taking longer to
fill as a percentage of capacity, regressions were rerun using the same OLS and Cox models on
all 483 observations, but with the seating capacity of each observation as the only independent
variable. Neither model achieved a p-value of below 0.5. This result leads us to believe that
standardizing our observations by observing a percentage of total capacity filled for each does
not bias our results.

6 Concluding Remarks

Our study attempted to find evidence that student decisions are significantly influenced by RMP
data, and if so to estimate the relative effects of professor easiness, clarity, helpfulness, overall
score, and physical attractiveness on registration decisions. While the four million monthly page
views the site reports indicate that people are viewing RMP data and significant correlations
were found between registration patterns and RMP scores, it is impossible to say whether, or to
what degree, those patterns are caused by RMP because there are other channels through which
students gain information about professors. However, even if RMP simply serves as a proxy for
student expectations of professor quality, the relative sizing of the effects is valid.

Both models used provide reasonable evidence that students may utilize RMP information to
assess the overall quality, easiness, and attractiveness of their professors to aid their registration
decisions. Our results suggest that “Overall,” “Hot,” and “Helpfulness” scores are successful
predictors of the natural capacity of a particular section offered during the registration period.
Professor quality expectations (especially “Easiness”) seem to matter most as a way for students
to resolve their lack of information when choosing professors for core classes where they have
the least information on professor quality.

Students appear to utilize both “Overall” and “Easiness” ratings in making their decisions about
core classes. While our OLS model estimates a larger effect of “Easiness” than “Overall”
consistent with Burnett, that differential disappears in our survival model analysis [6]. It should
be noted that our data set only describes the behavior of registrants at Armstrong State
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University. Future researchers may be inclined to employ survival model analysis across a
multiple-institution data set.

Since students will utilize whatever information is available to them—good or bad—when
selecting classes, universities should consider releasing SET data in a more accessible medium
and recommend that professors encourage students to responsibly post on RMP in order to
increase the validity of the information posted on the website and, thus, make it of greater use.
Combined with the potential for RMP to provide students with unreliable, biased information
and SET and grade-distribution data being a more accurate—although declining at ASU'—
indicator of teacher performance, our results strengthen the policy arguments put forth by
Coladarci and Kornfield [3].
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Appendix 1: Descriptive Statistics (Full Form)

Variable Obs Mean Std. Dev. Min Max
Help 483 3.95 0.78 1.00 5
Clarity 483 3.85 0.75 1.40 5
Overall 483 3.88 0.76 1.20 5
Easy 483 3.28 0.77 1.00 5
Hot 483 0.33 0.47 0.00 1
PercentFill 483 0.55 0.35 0.00 1.32
eightam 483 0.08 0.28 0.00 1
nineam 483 0.20 0.40 0.00 1
tenam 483 0.08 0.28 0.00 1
elevenam 483 0.19 0.39 0.00 1
onepm 483 0.11 0.32 0.00 1
twopm 483 0.07 0.26 0.00 1
threepm 483 0.06 0.23 0.00 1
fourpm 483 0.05 0.21 0.00 1
fivepm 483 0.01 0.09 0.00 1
sixpm 483 0.08 0.27 0.00 1
sevenpm 483 0.01 0.09 0.00 1
ArtMusicThea 483 0.13 0.33 0.00 1
PoliSci 483 0.12 0.33 0.00 1
History 483 0.09 0.29 0.00 1
Economics 483 0.03 0.18 0.00 1
Biology 483 0.07 0.26 0.00 1
ChemPhys 483 0.06 0.24 0.00 1
CompSci 483 0.06 0.24 0.00 1
Engineering 483 0.00 0.00 0.00 0
Mathematics 483 0.14 0.35 0.00 1
Psychology 483 0.07 0.25 0.00 1
CoreA 483 0.15 0.35 0.00 1
CoreB 483 0.10 0.30 0.00 1
CoreC 483 0.06 0.25 0.00 1
CoreD 483 0.11 0.31 0.00 1
CoreE 483 0.11 0.31 0.00 1
TotalCap 483  206.59 241.13 12.00 900
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Appendix 2 : OLS Regression Results Model 1a

Variable Coef. Std. Err. t P>t
Help 0.039 0.042 0.930 0.352
Clarity -0.019 0.040 -0.470 0.641
Easy 0.082 0.021 3.860 0.000
Hot 0.061 0.032 1.910 0.056
eightam -0.032 0.076 -0.430 0.670
nineam -0.070 0.073 -0.970 0.333
tenam -0.029 0.076 -0.380 0.707
elevenam -0.017 0.072 -0.230 0.816
onepm -0.032 0.078 -0.410 0.685
twopm -0.052 0.084 -0.620 0.532
threepm -0.039 0.083 -0.470 0.637
fourpm -0.105 0.094 -1.120 0.264
fivepm -0.032 0.146 -0.220 0.827
sixpm -0.116 0.080 -1.450 0.147
sevenpm 0.082 0.195 0.420 0.675
ArtMusicThea -0.269 0.053 -5.050 0.000
PoliSci -0.052 0.064 -0.810 0.418
History -0.028 0.060 -0.470 0.641
Economics 0.191 0.088 2.170 0.031
Biology 0.155 0.061 2.520 0.012
ChemPhys 0.089 0.071 1.250 0.213
CompSci -0.037 0.059 -0.620 0.533
Engineering 0.000 (omitted)

Mathematics -0.003 0.050 -0.060 0.950
Psychology 0.211 0.048 4.380 0.000
CoreA -0.178 0.072 -2.490 0.013
CoreB -0.172 0.059 -2.890 0.004
CoreC 0.059 0.051 1.160 0.245
CoreD -0.024 0.063 -0.380 0.704
CoreE -0.204 0.057 -3.560 0.000
TotalCap 0.000 0.000 -5.590 0.000

_cons 0.389 0.102 3.830 0.000
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Appendix 3 : OLS Regression Results Model 1b

Variable Coef. Std. Err. t P>t
Overall 0.041 0.023 1.780 0.076
Easy 0.074 0.021 3.590 0.000
Hot 0.050 0.032 1.540 0.124
eightam -0.028 0.076 -0.380 0.707
nineam -0.069 0.073 -0.940 0.345
tenam -0.026 0.076 -0.340 0.736
elevenam -0.014 0.072 -0.190 0.851
onepm -0.030 0.078 -0.380 0.701
twopm -0.047 0.084 -0.560 0.577
threepm -0.033 0.082 -0.400 0.692
fourpm -0.102 0.093 -1.100 0.273
fivepm -0.039 0.144 -0.270 0.786
sixpm -0.111 0.079 -1.410 0.159
sevenpm 0.072 0.195 0.370 0.712
ArtMusicThea -0.272 0.053 -5.150 0.000
PoliSci -0.051 0.063 -0.800 0.421
History -0.028 0.060 -0.470 0.640
Economics 0.196 0.088 2.230 0.026
Biology 0.149 0.061 2.430 0.015
ChemPhys 0.096 0.068 1.410 0.158
CompSci -0.009 0.061 -0.150 0.884
Engineering 0.000 (omitted)

Mathematics 0.001 0.050 0.020 0.981
Psychology 0.211 0.048 4.340 0.000
CoreA -0.179 0.071 -2.520 0.012
CoreB -0.174 0.059 -2.940 0.003
CoreC 0.055 0.051 1.090 0.278
CoreD -0.027 0.061 -0.430 0.664
CoreE -0.204 0.057 -3.560 0.000
TotalCap 0.000 0.000 -5.570 0.000

_cons 0.335 0.101 3.310 0.001
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Appendix 4 : OLS Regression Results Model 2a

Variable Coef. Std. Err. t P>t
Help 0.066 0.068 0.960 0.338
Clarity 0.004 0.070 0.050 0.958
Easy 0.108 0.037 2.940 0.004
Hot 0.050 0.056 0.890 0.374
eightam -0.295 0.107 -2.770 0.006
nineam -0.257 0.099 -2.600 0.010
tenam -0.092 0.104 -0.890 0.377
elevenam -0.207 0.096 -2.160 0.032
onepm -0.220 0.119 -1.850 0.066
twopm -0.230 0.114 -2.020 0.045
threepm -0.168 0.129 -1.300 0.196
fourpm -0.260 0.219 -1.190 0.237
fivepm -0.355 0.115 -3.080 0.002
sixpm -0.346 0.110 -3.150 0.002
sevenpm -0.047 0.111 -0.430 0.669
ArtMusicThea -0.406 0.086 -4.750 0.000
PoliSci -0.435 0.114 -3.800 0.000
History -0.431 0.105 -4.110 0.000
Economics -0.327 0.134 -2.430 0.016
Biology 0.381 0.161 2.370 0.019
ChemPhys 0.674 0.151 4.460 0.000
CompSci 0.607 0.178 3.410 0.001
Engineering 0.000 (omitted)

Mathematics 0.608 0.106 5.740 0.000
Psychology -0.396 0.137 -2.890 0.004
CoreA -0.949 0.139 -6.840 0.000
CoreB -0.133 0.078 -1.700 0.090
CoreC -0.141 0.127 -1.110 0.268
CoreD -0.794 0.173 -4.590 0.000
CoreE 0.000 (omitted)

TotalCap 0.000 0.000 -1.290 0.199

_cons 0.488 0.172 2.830 0.005
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Appendix 5 : OLS Regression Results Model 2b

Variable Coef. Std. Err. t P>t
Overall 0.086 0.039 2.200 0.029
Easy 0.103 0.036 2.880 0.004
Hot 0.039 0.057 0.680 0.495
eightam -0.288 0.106 -2.710 0.008
nineam -0.252 0.097 -2.600 0.010
tenam -0.091 0.103 -0.880 0.380
elevenam -0.206 0.095 -2.170 0.031
onepm -0.215 0.116 -1.860 0.065
twopm -0.217 0.112 -1.940 0.054
threepm -0.161 0.127 -1.270 0.205
fourpm -0.235 0.208 -1.130 0.260
fivepm -0.363 0.114 -3.190 0.002
sixpm -0.344 0.106 -3.240 0.001
sevenpm -0.055 0.108 -0.510 0.611
ArtMusicThea -0.418 0.084 -4.980 0.000
PoliSci -0.438 0.115 -3.820 0.000
History -0.437 0.105 -4.180 0.000
Economics -0.316 0.132 -2.390 0.018
Biology 0.380 0.157 2.430 0.016
ChemPhys 0.681 0.142 4.790 0.000
CompSci 0.626 0.175 3.580 0.000
Engineering 0.000 (omitted)

Mathematics 0.613 0.101 6.090 0.000
Psychology -0.404 0.137 -2.950 0.004
CoreA -0.952 0.134 -7.080 0.000
CoreB -0.137 0.078 -1.750 0.082
CoreC -0.145 0.127 -1.140 0.255
CoreD -0.807 0.171 -4.710 0.000
CoreE 0.000 (omitted)

TotalCap 0.000 0.000 -1.140 0.258

_cons 0.441 0.163 2.710 0.008
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Appendix 6 : OLS Regression Results Model 3a

Variable Coef. Std. Err. t P>t
Help 0.017 0.093 0.180 0.859
Clarity 0.001 0.095 0.010 0.992
Easy 0.050 0.036 1.400 0.164
Hot 0.060 0.056 1.080 0.282
eightam 0.185 0.109 1.690 0.093
nineam 0.183 0.123 1.490 0.139
tenam 0.177 0.118 1.500 0.137
elevenam 0.171 0.116 1.470 0.143
onepm 0.148 0.118 1.260 0.209
twopm 0.219 0.121 1.800 0.074
threepm 0.055 0.200 0.270 0.784
fourpm 0.050 0.157 0.320 0.751
fivepm 0.144 0.216 0.670 0.505
sixpm 0.150 0.135 1.120 0.266
sevenpm -0.227 0.125 -1.820 0.072
ArtMusicThea -0.192 0.090 -2.130 0.035
PoliSci -0.003 0.111 -0.030 0.978
History 0.142 0.083 1.720 0.089
Economics 0.272 0.135 2.010 0.046
Biology 0.377 0.071 5.330 0.000
ChemPhys 0.185 0.101 1.830 0.069
CompSci 0.000 0.127 0.000 0.999
Engineering 0.000 (omitted)

Mathematics -0.066 0.106 -0.620 0.535
Psychology 0.338 0.058 5.840 0.000
CoreA 0.000 (omitted)

CoreB 0.000 (omitted)

CoreC 0.000 (omitted)

CoreD 0.000 (omitted)

CoreE 0.000 (omitted)

TotalCap -0.001 0.000 -2.640 0.009

_cons 0.278 0.217 1.280 0.204
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Appendix 7 : OLS Regression Results Model 3b

Variable Coef. Std. Err. t P>t
Overall 0.024 0.056 0.430 0.665
Easy 0.046 0.036 1.270 0.207
Hot 0.056 0.057 0.990 0.326
eightam 0.186 0.109 1.700 0.091
nineam 0.185 0.121 1.520 0.130
tenam 0.178 0.118 1.510 0.133
elevenam 0.174 0.115 1.520 0.132
onepm 0.149 0.117 1.270 0.207
twopm 0.218 0.121 1.800 0.074
threepm 0.058 0.199 0.290 0.770
fourpm 0.048 0.157 0.310 0.758
fivepm 0.144 0.215 0.670 0.505
sixpm 0.154 0.134 1.150 0.253
sevenpm -0.231 0.122 -1.890 0.060
ArtMusicThea -0.190 0.090 -2.120 0.036
PoliSci 0.000 0.111 0.000 0.998
History 0.142 0.082 1.740 0.085
Economics 0.274 0.135 2.030 0.044
Biology 0.375 0.070 5.380 0.000
ChemPhys 0.186 0.095 1.950 0.053
CompSci 0.011 0.120 0.100 0.924
Engineering 0.000 (omitted)

Mathematics -0.064 0.106 -0.600 0.549
Psychology 0.339 0.058 5.850 0.000
CoreA 0.000 (omitted)

CoreB 0.000 (omitted)

CoreC 0.000 (omitted)

CoreD 0.000 (omitted)

CoreE 0.000 (omitted)

TotalCap -0.001 0.000 -2.670 0.009

_cons 0.263 0.216 1.220 0.225
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Appendix 8: Hazard Model 1a

Variable Haz. Ratio  Std. Err. z P>z

Help 1.090 0.292 0.320 0.748
Clarity 1.057 0.294 0.200 0.841
Easy 1.320 0.173 2.120 0.034
Hot 1.469 0.244 2.320 0.021
eightam 0.788 0.289 -0.650 0.516
nineam 0.628 0.190 -1.540 0.123
tenam 0.775 0.275 -0.720 0.473
elevenam 0.915 0.273 -0.300 0.766
onepm 0.912 0.292 -0.290 0.773
twopm 0.729 0.273 -0.840 0.398
threepm 1.211 0.453 0.510 0.609
fourpm 0.734 0.352 -0.650 0.519
fivepm 0.771 0.600 -0.330 0.738
sixpm 0.487 0.180 -1.950 0.051
sevenpm 1.465 1.140 0.490 0.624
ArtMusicThea 0.352 0.116 -3.170 0.002
PoliSci 1.454 0.443 1.230 0.219
History 1.051 0.422 0.120 0.901
Economics 3.698 1.614 3.000 0.003
Biology 3.647 1.187 3.970 0.000
ChemPhys 2.165 0.782 2.140 0.033
CompSci 0.664 0.302 -0.900 0.369
Engineering 1.000 (omitted)

Mathematics 1.431 0.388 1.320 0.187
Psychology 10.284 3.309 7.240 0.000
CoreA 1.628 0.536 1.480 0.138
CoreB 0.517 0.198 -1.720 0.085
CoreC 2.224 0.727 2.440 0.014
CoreD 1.132 0.323 0.430 0.665
CoreE 0.235 0.080 -4.240 0.000

TotalCap 0.999 0.000 -2.530 0.011
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Appendix 9: Hazard Model 1b

Variable Haz. Ratio Std. Err. z P>z
Overall 1.26468 0.1966505 1.51 0.131
Easy 1.259327 0.1668748 1.74 0.082
Hot 1.405611 0.2358527 2.03 0.042
eightam 0.8146928 0.2987635 -0.56 0.576
nineam 0.6375862 0.1925948 -1.49 0.136
tenam 0.7847874 0.2786936 -0.68 0.495
elevenam 0.9300583 0.2780373 -0.24 0.808
onepm 0.9196711 0.2947533 -0.26 0.794
twopm 0.7471037 0.2797093 -0.78 0.436
threepm 1.243134 0.463308 0.58 0.559
fourpm 0.7444846 0.3569259 -0.62 0.538
fivepm 0.7857266 0.6102401 -0.31 0.756
sixpm 0.496206 0.1821576 -1.91 0.056
sevenpm 1.398733 1.089074 0.43 0.666
ArtMusicThea 0.3514801 0.115502 -3.18 0.001
PoliSci 1.474578 0.4486319 1.28 0.202
History 1.063266 0.4269831 0.15 0.879
Economics 3.780341 1.647734 3.05 0.002
Biology 3.492576 1.138226 3.84 0
ChemPhys 2.138527 0.7602183 2.14 0.032
CompSci 0.7313063 0.3322461 -0.69 0.491
Engineering 1 (omitted)

Mathematics 1.440195 0.3894017 1.35 0.177
Psychology 10.27332 3.304642 7.24 0
CoreA 1.635275 0.5361116 1.5 0.134
CoreB 0.5198323 0.1977086 -1.72 0.085
CoreC 2.217461 0.7237794 2.44 0.015
CoreD 1.156498 0.3270975 0.51 0.607
CoreE 0.2354935 0.0801153 -4.25 0

TotalCap 0.9987949 0.0004731 -2.55 0.011
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Appendix 10: Hazard Model 2a

Variable Haz. Ratio Std. Err. z P>z
Help 4.053163 2.028476 2.8 0.005
Clarity 0.55142 0.279891 -1.17 0.241
Hot 1.843155 0.596458 1.89 0.059
eightam 0.129221 0.081546 -3.24 0.001
nineam 0.288395 0.144018 -2.49 0.013
tenam 0.480925 0.312454 -1.13 0.26
elevenam 0.416688 0.197112 -1.85 0.064
onepm 0.620732 0.316901 -0.93 0.35
twopm 0.254484 0.171245 -2.03 0.042
threepm 0.613661 0.417907 -0.72 0.473
fourpm 0.411369 0.420429 -0.87 0.385
fivepm 1.86E-19 . . .

sixpm 0.154847 0.099866 -2.89 0.004
sevenpm 1.567568 1.437315 0.49 0.624
ArtMusicThea 0.0765 0.06137 -3.2 0.001
PoliSci 0.587097 0.457915 -0.68 0.495
History 0.216031 0.176424 -1.88 0.061
Economics 0.276708 0.297196 -1.2 0.232
Biology 1.85E+09 1.76E+09 22.53 0
ChemPhys 1.19E+10 1.05E+10 26.4 0
CompSci 3.53E+09 .

Engineering 1 (omitted)

Mathematics 6.80E+09 6.58E+09 23.39 0
Psychology 0.498765 0.491982 -0.71 0.481
CoreA 2.28E-10 2.77E-10 -18.23 0
CoreB 0.669951 0.42427 -0.63 0.527
CoreC 2.004001 1.805716 0.77 0.44
CoreD 2.95E-10 3.25E-10 -19.93 0
CoreE 1 (omitted)

TotalCap 0.999315 0.001066 -0.64 0.521
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Appendix 11: Hazard Model 2b

Variable Haz. Ratio Std. Err. z P>z
Overall 1.881984 0.502132 2.37 0.018
Easy 1.844207 0.429242 2.63 0.009
Hot 1.64133 0.521651 1.56 0.119
eightam 0.091638 0.058707 -3.73 0
nineam 0.211053 0.109021 -3.01 0.003
tenam 0.368961 0.237391 -1.55 0.121
elevenam 0.349977 0.166831 -2.2 0.028
onepm 0.58936 0.30222 -1.03 0.303
twopm 0.251106 0.165948 -2.09 0.037
threepm 0.600152 0.405622 -0.76 0.45
fourpm 0.462331 0.443582 -0.8 0.421
fivepm 6.78E-15 1.32E-07 0 1
sixpm 0.124722 0.082845 -3.13 0.002
sevenpm 0.879636 0.812993 -0.14 0.89
ArtMusicThea 0.051791 0.042364 -3.62 0
PoliSci 0.266569 0.222503 -1.58 0.113
History 0.153375 0.126673 -2.27 0.023
Economics 0.292018 0.316304 -1.14 0.256
Biology 1.81E+09 1.71E+09 22.61 0
ChemPhys 1.74E+10 1.49E+10 27.7 0
CompSci 3.24E+09 .

Engineering 1 (omitted)

Mathematics 7.26E+09 6.81E+09 24.21 0
Psychology 0.329645 0.329745 -1.11 0.267
CoreA 0.949542 0.508361 -0.1 0.923
CoreB 3.01E+09 2.70E+09 24.34 0
CoreC 7.38E+09 6.21E+09 26.99 0
CoreE 5.06E+09 5.72E+09 19.76 0

TotalCap 0.999801 0.001022 -0.19 0.846
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Appendix 12: Hazard Model 3a

Variable Haz. Ratio Std. Err. z P>z
Help 0.75338 0.4638362 -0.46 0.646
Clarity 1.493958 0.9520226 0.63 0.529
Easy 1.26279 0.3251265 0.91 0.365
Hot 2.188441 0.674125 2.54 0.011
eightam 2.520918 1.96805 1.18 0.236
nineam 1.006954 0.6352464 0.01 0.991
tenam 1.299436 0.8398463 0.41 0.685
elevenam 1.386088 0.8555256 0.53 0.597
onepm 1.363115 0.8035273 0.53 0.599
twopm 2.425252 1.513996 1.42 0.156
threepm 1.957011 1.543869 0.85 0.395
fourpm 1.227422 1.160002 0.22 0.828
fivepm 0.9275817 0.8543713 -0.08 0.935
sixpm 1.326367 0.9384996 0.4 0.69
sevenpm 7.98E-14 8.70E-07 0 1
ArtMusicThea 0.3430818 0.1926606 -1.91 0.057
PoliSci 0.8939979 0.4938954 -0.2 0.839
History 0.7722715 0.5573755 -0.36 0.72
Economics 3.492354 2.471156 1.77 0.077
Biology 13.86924 6.949824 5.25 0
ChemPhys 2.470986 1.551115 1.44 0.15
CompSci 0.3069712 0.3505233 -1.03 0.301
Engineering 1 (omitted)

Mathematics 0.7841568 0.5672625 -0.34 0.737
Psychology 16.27048 7.338675 6.18 0
CoreA 1 (omitted)

CoreB 1 (omitted)

CoreC 1 (omitted)

CoreD 1 (omitted)

CoreE 1 (omitted)

TotalCap 0.9896407 0.0027556 -3.74 0
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Appendix 13: Hazard Model 3b

Variable Haz. Ratio Std. Err. z P>z
Overall 1.031913 0.3540914 0.09 0.927
Easy 1.306257 0.3447593 1.01 0.311
Hot 2.289065 0.713343 2.66 0.008
eightam 2.540305 1.972972 1.2 0.23
nineam 0.9289268 0.5787731 -0.12 0.906
tenam 1.296654 0.8358222 0.4 0.687
elevenam 1.30497 0.795904 0.44 0.663
onepm 1.365192 0.8021306 0.53 0.596
twopm 2.401793 1.496491 1.41 0.16
threepm 1.829287 1.43698 0.77 0.442
fourpm 1.249523 1.177208 0.24 0.813
fivepm 0.9478448 0.8684828 -0.06 0.953
sixpm 1.20631 0.8392771 0.27 0.787
sevenpm 1.06E-14 3.14E-07 0 1
ArtMusicThea 0.3391289 0.1904126 -1.93 0.054
PoliSci 0.8676945 0.4787792 -0.26 0.797
History 0.7679527 0.5501898 -0.37 0.712
Economics 3.462024 2.446578 1.76 0.079
Biology 13.40051 6.688956 5.2 0
ChemPhys 2.250063 1.377336 1.32 0.185
CompSci 0.2450451 0.2747557 -1.25 0.21
Engineering 1 (omitted)

Mathematics 0.7271491 0.5237085 -0.44 0.658
Psychology 15.7807 7.091099 6.14 0
CoreA 1 (omitted)

CoreB 1 (omitted)

CoreC 1 (omitted)

CoreD 1 (omitted)

CoreE 1 (omitted)

TotalCap 0.9897641 0.0027362 -3.72 0
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